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Abstract

Reinforcement learning is a powerful machine learning system, which is able to learn

without giving training examples to a learning unit. But it is impossible for the reinforcement
learning to support large environments because the number of i f-then rules is a huge combination
of a relationship between one environment and one action. We propose new reinforcement learning
system ,FEERL ,for the large environment. In this paper, we have tried to use acquired rules on

magze problem.
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L=05

p=0+¢

r=x+T

y=y+y (1)
= cos(¢) x v

g = sin(¢p) X v

¢ =tan(¢) x v+ L

000000000000 0000000000 v =
(1.0,0.8,0.6,0.2,—0.2)[m/s] 0000000000 ¢ =
(=60, —30, 0, +30, +60)[deg] 000000000000
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